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Study on Learners” Topics Mining of MOOC-oriented Course Review

LIU Sanya, PENG Xian, LIU Zhi, SUN Jianwen, LIU Hai
(National Engineering Research Center for e—Learning, Central China Normal University, Wuhan Hubei

430079)

[Abstract] This study takes the course Financial Analysis and Decision—making of MOOC college in
Guokr as the experimental subject to mine the learners” topics through analysis of course review posts.
Firstly, the study adopts the quantitative method of high frequency words analysis to realize the overall
understanding of the content of learners” course review. Then, the learning analysis is used to study the
learners who have completed the course as well as learners who havent completed it respectively. The
unsupervised learning method LDA model is employed to automatically excavate and resolve the feature
structure and semantic content of text review information, explores and tracks the trend of hot topics that
learners are concerned about. The study results show that learners highly recognize and appreciate this
course, and pay special attention to the course content as well as teachers” teaching forms. Compared to
the completer, the learners who havent completed the course tend to explain the main reasons for the
unfinished course, express more negative topics and less professional theoretical knowledge of the course.

[Keywords] MOOC; Text Review; Topic Mining; LDA



